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ABSTRACT

Healthcare is essential to lead a good life. However, it is rather difficult to procure the consultation with the physician for each and every
well-being problem. As we all know the world is suffering from a pandemic situation still. Our GDP gradually decreased, as of now it has
web application but with less functionality to spread awareness of COVID-19 and to connect essential COVID-19-related health services
to the people. The thought is to create a medical chatbot (Viro-attack) using Artificial Intelligence that may diagnose the disease and
provide fundamental information about the illness sooner than consulting a health care provider. This will lend a hand to scale back
healthcare prices and strengthen accessibility to medical knowledge thru scientific chatbot. This Viro-attack web application helps us to
getupdates related to COVID-19 and it spreads awareness about Corona virus in this web application. It also provides a vaccine related
updates and current active cases in nearest locality of the user. And this web application will be containing all the COVID-19 related
information and the user can also get their health status in the web application by entering their current symptoms if they have any. The
Viro-attack stores the information in the database to spot the sentence keywords and to make a question resolution and answer the
query. Ranking and sentence similarity calculation is performed the use of n-gram, TFIDF and cosine similarity. The score might be
obtained for every sentence from the given input sentence and more equivalent sentences can be acquired for the query given. The third
celebration, the skilled program, handles the question introduced to the bot that's not understood or isn't providing in the database.

Keywords: Interactive Voice Response (IVR), unstructured supplementary service data (USSD), syndrome-coronavirus 2 (SARS-CoV-2)

1.Introduction

In this COVID 19 tracking and alert system is used for. The
prototype would be a software with web and mobile
components. Using these platforms, information dissemination,
disease prevalence and position tracking of carriers, confirmed
carriers and status of treated patients could be easily managed.
Every disease irrespective of the infectious agent presents a
challenge especially when it is novel like COVID-19. Like other
infectious diseases the corona virus present some symptoms in
the infected patient. However, in some individuals, the disease is
asymptomatic thus posing a special concern as it could spread
unnoticed through the droplets of saliva or discharge from the
nose, mouth, eyes, or other body cavities of asymptomatic
patients. The incubation period of the virus is between 1-14
days within which there may be visible symptoms. Thus, the
affected person may be living with the virus with or without
symptoms. The most common symptoms of COVID-19 are fever,
tiredness, and dry cough. The symptoms indicate the level of
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infection, which ranges from mild infection, severe infection,
and critical infection. The symptoms are well-documented and
include: Technology has played a significant role in the
detection, prevention and control of public health problems.
Sophisticated evolutionary technologies have been applied to
various areas of health care delivery. Notable systems include
clinical decision support systems, expert systems, electronic
health systems, to mentioned. Having regard to the foregoing,
this work proposes a full tracking system to augment the
activities of public health workers and security agencies in
tracking cases from the point of entry and association with
cases. The ongoing coronavirus disease 2019 (COVID-19)
pandemic has overwhelmed the healthcare systems of countries
around the world, exposing the challenges faced by public
health agencies when responding to rapidly emerging
outbreaks. In particular, the scarcity of reliable data on the
incidence of COVID-19 cases has hindered a timely response. On
a national scale, control efforts should be guided by accurate
data on cases and disease burden, ideally captured through
widespread surveillance. However, very few countries affected
by COVID 19 have sufficient viral testing capacity to monitor
cases occurring in the community adequately. Hospitalization
and death rates provide relatively robust indicators of SARS-
CoV-2 transmission in some areas, but these are lagged by Page |
2 about 2 and 3 weeks, respectively. Identifying alternative
indicators of transmission that reflect the timing of new
infections is therefore an important priority for responding to
the epidemic. The first COVID-19 confirmed case occurred in
Bangladesh on March 8th, with nearly 200,000 confirmed cases
by July 15. SARS-CoV-2 testing capacity has increased
significantly from a daily average of fewer than 100 tests in
March to about 15,000 in June. However, as in most countries,
the testing capacity can only cover a small fraction of even
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symptomatic cases. Reporting delays in rural and remote parts of
the country also make it difficult to monitor the epidemic across
the country in real-time. To augment surveillance, a
participatory surveillance system based on self reported
symptoms via national telephone hotlines and the internet,
assisted by a telemedicine team of clinicians, was deployed in
March and rapidly scaled up over the course of the first few
months of the outbreak. The participatory surveillance system
was set up through a public-private partnership. and is designed
to collect syndromic information, to identify potential disease
hotspots, and to provide information about COVID-19 to
participants. Any surveillance data that relies on self reported
symptoms to monitor transmission will be subject to a range of
biases, including the extent to which people are aware of and
know how to use the system, and reporting behavior of people in
the middle of a pandemic, which has naturally created much fear
and uncertainty. Given the lack of specificity of the main
symptoms of COVID-19, namely fever and cough, we also expect
many people experiencing symptoms to have another disease
unrelated to the coronavirus outbreak. Nevertheless, an uptickin
individuals reporting symptoms consistent with COVID-19,
particularly if verified through an interview with a clinician, may
provide important insights into transmission hotspots. While
participatory crowdsourced syndromic surveillance has been
utilized in many contexts [1]-[7], including for COVID-19 [8], [9],
their ability to track an emerging outbreak at a high spatial
resolution has not been evaluated previously. Page | 3 Here, we
show that one such system, though noisy, provides an indication
of where and when to expect new cases, suggesting that it could
be auseful model in other places that need to map COVID-19 risk
for decision making. The syndromic data suggests that the
outbreak had spread across the country much faster than is
evident from official case counts, consistent with geographic
spread based on population mobility data. The rest of the paper
has the proposed system in section II followed by the flow chart
andresultsin section Il and conclusion in section IV.

2 Proposed System

This user interface is used to get all info about COVID-19 cases in
one single platform where we are providing a user risk scan to
get follow of there covid-19 symptoms and go through check out
there health status also. The user can also check out the covid-19
real time tracking of cases of every country and every locality
and here we also spread awareness about coronavirus to user's.
Technology has played a significant role in the detection,
prevention and control of public health problems. Sophisticated
evolutionary technologies have been applied to various areas of
health care delivery. Notable systems include clinical decision
support systems, expert systems, electronic health systems, to
mention but few. To a great extent, computing and information
technologies have demystify diagnosis and management of
complex medical cases as they are employed at various levels
ranging from information gathering, documentation, intelligent
insights to accurate decision making. Modern ICTs readily
augment human expertise in several ways, such as: system-
enabled diagnosis, disease management, drug administration,
expert prognosis, etc.

The object-oriented approach was strictly adopted owing to the
ease at which the system problem domain could be decomposed
into participating components. System extensibility was also
considered as against the limitations of some methodologies.
The procedures adopted included: general survey and
documentation of covid19 cases and public health technology
requirements in our Regional places; conceptualization of an
automated multi-platform model with requirements, actors,

inputs, processing and outputs defined. To produce valid
specifications of the proposed system, the following object
oriented approach components were employed: use cases, class
diagrams, and component diagrams respectively.

In March 2020, the World Health Organization (WHO) declared
COVID-19 a pandemic, caused by the novel SARS-CoV-2 virus.
Following the call from the WHO to immediately assess available
data to learn what care approaches are most effective and
evaluate the effects of therapies, this collection aims to report on
original peer-reviewed research articles in methodological
approaches to medical research related to COVID-19.The first
confirmed case of COVID-19 occurred in the United States (US) in
Washington State on January 20, 2020. [1] Non-pharmaceutical
interventions, such as quarantines and mass social distancing.
were the primary public health strategy for blunting COVID-19
spread. As confirmed case counts climbed, state, county, and
municipal governments adopted policies recommending or
requiring actions to reduce social density and slow the
progression of the outbreak. The timing and intensity of social
distancing policy responses has varied. Multiple efforts sought to
rapidly code these social distancing policy responses for analysis
12.3.4.5.6.7.8.9.10.111. Social distancing policy coding has been
critical to COVID-19 disease models that have influenced policy
decision-making whether to impose or case social distancing
approaches. For example, Dr. Deborah Birs, the U.S. Coronavirus
Response Coordinator, has repeatedly cited the COVID-19
projections prepared by the University of Washington's Institute
for Health Metrics and Evaluation (IHME).

However, the methods used by various modeling efforts for
linking COVID policies to projected outcomes (e.g., rates of
infection, hospitalization, or death), have been quite divergent
Social distancing coding efforts have used a range of
methodologies and frameworks to characterize and code policy
responses, resulting in a diversity of social distancing policy
taxonomies and classification schemes. These efforts have
characterized social distancing into taxonomies consisting of 1
domain (e.g., stay at home order in place) to upwards of six
domains. For example, McGrail et al. used a single domain of
"lockdown," coded as the date the lockdown started and ending
as of the date non-essential retail stores re-opened. In contrast,
Adolph et al,, which developed one of the first publicly available
datasets, developed a COVID-19 framework originally consisting
of five domains: (1) recommendations or restrictions on
gatherings, regardless of the size of gathering; (2) K12 school
closures; (3) restaurant restrictions on in-person dining; (4)
non-essential business closures; and (5) mandatory stay-at-
homeorders [2].

The block diagram of implemented Al based Chabot system is as
shownin Figure 1.
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2.1 FLOW CHART
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e Theabove-mentioned site is using state bulletins and official
handles to update our numbers. The data is validated by a
group of volunteers and published into a Google sheetand an
APL.

e API is available for all at api.covid19india.org. there main
intention is to we can use this data in the fight against this
virus.

e Theinterface was created by a group of dedicated volunteers
who curate and verify the data coming from several sources.

e  Weextractthe details, like a patient's relationship with other
patients to identify local and community transmissions,
travel history and status.

3 Results

The system working is simulated using JavaScript, jQuery on
API. Simulation experiments have been conducted for the
differentspecifications using Albased Chatbotsystem.

Coronavirus pandemic is spreading in large numbers. Experts
suggest that social distancing has been used for a long time as
one of the methods to curb or reduce the spike in diseases and
infectious illnesses. Thus, apps and innovative solutions such as
these, which promote the same idea can help authorities make
the population aware and save lives. The app, which is a
coronavirus tracker of sorts works on the basis of contact.
Tracing and can help a user identify possible coronavirus
'hotspot' around his or her area. It can help people stay safe and
adoptnecessary precaution in some areas where there are cases
and accordingly, help stop or prevent community transmission
to an extent. By the basis of geotagging, it can also alerta specific
user about their proximity to a nearby infection case or hotspot.
The app also helps users self-identify their risk and monitor
their health assessment, considering the times when it can get
difficult (and most of all, is not particularly safe to step out and
visit health clinics). Aarogya Setu app also helps people identify
the symptoms, alert them about the best safety precautions and
other relevant information concerning the spread of COVID-19
While this is a noble initiative, the app also lists down basic
quarantine measures for those who are considered to be in the
high-risk' category. It can also help people, who have had a travel
history self-quarantine and preventany risk of transmission.

The following steps to be followed as functioning of the entire
process:

e Login/Sign-Up Module: This module enables all actors
to create an account and access their accounts on the
proposed system.

* Freeend module: itis the end where user can visit the site to
see the present statistics of every region of a country and
alsogetan informationrelated to COVID-19.

e Tracking Module: This module helps the officers to track the
geographical positions of the cases when the need arises.
The module will map the code assigned earlier to the case.

* Information Module: The information module provides a
guest with a platform to interact with the system. The guest
may request or report some issues and can also obtain
relevantinformation on transmission, distribution, etc.
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Figure 2: Login Page
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Figure 4: Corona Update Page
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4 Conclusion

The software of chatbot within the clinical domain is slightly
means beyond then our imaginations. This work have been
covered nearly all of the points which a clinical chatbot will have
to fortify to cater the desire of the affected person. In the past
few years there were lot of medical chatbot models has been
invented which were rather expensive for a standard particular
person however this paper attempted to triumph over this
downside in our 'well-being care chatbot machine. The
increased real-world submission of the chatbot and imposing
that for more domain names can further overview this chatbot
framework.
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